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ABSTRACT
A search engine can be modeled as a mapping that takes
in user keywords as input and produces search results as
output. Currently, the most dominant form of search advertising is input bidding where advertisers bid to associate
their advertisements with keywords. We propose output bidding where advertisers bid to associate their advertisements
with search results without changing or replacing any search
result. We argue how the two forms of bidding complement each other as well as how output bidding also ties in
contextual advertising to search advertising. We propose
three basic variations with examples: associating advertisements with output from the same site, using output to make
more expressive input bidding, and associating advertisements with output in general. We experimentally show the
potential of output bidding using real data.

Categories and Subject Descriptors
H.3.3 [Information Search and Retrieval]: Search Process; H.4.m [Information Systems Applications]: Auction Theory

General Terms
Advertising, economics, algorithm

Keywords
Keyword advertising, keyword bidding, search auctions, search
advertising, sponsored search

1.

INTRODUCTION

Search engines offer their service free of charge because of the
revenue they earn from search engine advertising [11]. The
most dominant form of search engine advertising is keyword
advertising [11] in which search engines run a continuous
auction to sell advertisement (ad) space on the search engine
results page (SERP). In this form of auction, advertisers bid
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on keywords in user queries and search engines determine the
winning bids using a combination of the bid amounts and
the clickability of the associated ads. In the end, search engines earn money when users click on the ads and advertisers
benefit when these clicks result in a purchase.
To describe output bidding [7], we look at a search engine
as a mapping from input user queries (keywords) to output
search results. The output data contains organic and sponsored results on the SERP, including ads, as well as various
metadata associated with results and input query. For example, URLs in results, listed site categories, or the facets
of input query are part of the output data. See Figure 1 for
a screen shot of a SERP with some of its sections identified.
We refer to the current keyword bidding as input bidding
since advertisers bid on terms in the input. Analogously,
with output bidding advertisers bid on terms anywhere in
the output. For example, an advertiser may wish to have
his ad appear whenever a particular URL appears in the
SERP, regardless of the input query, and hence bids on that
URL. Similarly, he may bid on particular site categories like
business sites. Output bidding can be used in conjunction
with input bidding. For instance, an advertiser may bid
on some keywords, with the condition that the first three
organic results do not contain any of a set of prohibited
URLs.
Intent. We note that advertisers actually want to bid on
user intent, especially purchasing intent; keywords are but
one signal for understanding this intent. We then claim
that output is a far richer and superior signal towards the
same goal. The richness is obvious from the amount of the
output data and metadata compared to what a few keywords
in input can provide. The superiority is there because the
output consists of all the information that a search engine,
with its massive investment in its infrastructure, generates
as a response to its input. Note that output does include
the metadata of input too.
Association. We note that for input bidding, since advertisers have no control over input, they can only bid to
associate their ads with input. We then claim that for output bidding, since advertisers have no control over output,
they can only bid to associate their ads with output. Moreover, the organicity of output is beneficial to all parties in-

volved, including users, advertisers, search engines, and content publishers; for example, search engines have a strong
incentive not to game the output for short-term benefit.

2.

BASIC VARIATIONS

We consider three basic variations of output bidding with
increasing complexity and possibly benefit. We again emphasize that none of these variations imply any change to the
organicity of the search results. More details and examples
can be found in [7].
1. Paid association. Advertisers are allowed to associate advertisements with search results coming from their
own sites. For example, a home improvement company may
want to announce the new discounts on “air conditioners”
around an organic search result from its site. This ad may
or may not be query dependent. Note that this variation is
different from paid inclusion [11] because the organic result
stays organic in this variation.
One way to consider about paid association is for content
providers to take advantage of the popularity of their content. In other words, if a provider invests in resources to
make their content increasingly more relevant to a search
engine, the provider can get extra monetary benefit through
paid association on top of the referrals they get from search
engines for their organic content.
2. More expressiveness in input bidding. In one form,
advertisers can bid only on input but can use output to condition their bid. For example, a company selling accessories
for a cell phone brand X may bid on the query “cell phone”
but may not want its ads to be shown when a SERP contains no mention of X. This variation requires improvements
to the bidding language to allow the specification of conditions on bids by advertisers.
In another form, input is expanded with keywords from output and advertisers bid as usual on input. Various information retrieval techniques can be used to decide on which
keywords to extract from output. Another consideration
can be given to keywords that have had some affinity to ads
or bid terms in the past. Note that this variation is similar
to contextual matching with output context to match. Also,
this can help bypass the restrictions on brand name bidding.
3. Bidding on output. Advertisers are allowed to actually
bid for output directly. For example, two companies selling
a cell phone brand X can bid to associate their ads with the
appearance of a search result on X, independent of input.
They can even tie their bidding to the brand or the site of the
search result if brand name bidding is allowed. In another
form, it is also possible to factor in the brand owner to have a
say in the auction for this search result, e.g., through revenue
sharing. We leave the details of this last form to a future
publication.

3.

USER INTERFACE ISSUES

For all three variations, one basic issue is where to show the
new ads if they need to be associated with output directly.
This naturally requires studies with users and advertisers to
finalize. For now, one possibility is to use the unused space
in the sponsored section of a SERP. Another possibility is to

actually insert a clearly marked sponsored link close to the
associated search result. The marking can involve different
background or foreground colors and indentation. For an
example of how to combine shopping and business results
with organic results, see Fig. 1. Finally, we again emphasize
that we do not advocate the use of paid inclusion or preferred
listings [11] in which advertisers would pay to have their
advertisements appear among the organic search results.

4.

AUCTION MODELING ISSUES

Although separate auctions can possibly be run for organic
and sponsored sections, interesting questions arise with output bidding: What happens if an advertiser wants to bid on
more than one item (a bundle) or multiple advertisers can
be shown for the same item? What if the same advertiser
wants to bid on both input and output simultaneously?
Full generality in answering these questions seems to require
techniques from combinatorial auctions [6] but with appropriate restrictions on the decomposition of bids and bundle
sizes, the current auction models [2, 3, 10, 21, 22] may be
used. For bundles with at most one organic result and at
most one sponsored result, one heuristic solution is proposed
in [8]. More research is needed in this area. However, in the
short term, we can think of two potential solutions that can
take advantage of the current auction models.
In one solution, which fits well with the second variation
involving the input expansion with data from output, the
current keyword auction models can be used “as is”. This is
possible because all terms, irrespective of where they come
from: input or output, can be treated as regular keywords.
Note that even though the same auction models can be used,
the implementation may have some challenges as we will
discuss next.
In another solution, which fits well with the third variation
involving direct output bidding, the current auction models for contextual matching can be used. This is possible
because output in a SERP can simply be considered as a
context to match ads against.

5.

IMPLEMENTATION ISSUES

In input bidding, a search engine can deal with organic and
sponsored results separately. Output bidding creates a dependence between them. Although a naive implementation
may serialize these parts, a careful implementation can hide
most of the latency using offline analysis and caching. Note
that search engines already benefit significantly from caching
for serving organic results and ads; therefore, we expect
that caching will also help for this integration of organic
and sponsored search.
Offline analysis is needed for figuring out the best candidates for output bidding. For example, it can be used for
extracting keywords from search result pages as bidding candidates [4]. These keywords are always valid for their source
page. The implication for serialization appears when the
analysis results need to be merged and summarized over all
search results in a SERP. In this case, the merging and summarization implies serialization because the SERP needs to
be built first. Since the ads processing part usually takes
less time than the organic results processing part, the se-

Figure 1: The structure of a search engine results page with input query “air conditioner” as input and search
results as output. Search results usually contain organic and sponsored search results. However, note the
sections “local business results” and “shopping results” among the organic results.
rialization of the processing tasks may still be acceptable.
However, to completely hide the additional latency, caching
comes to the rescue because if the analysis results are also
cached with the SERP, then the validity of the SERP cache
implies the validity of its metadata too, including the output
for bidding.
We finally remark that more research and experience are
needed to optimize the implementation of output bidding.
For example, if cached SERP data can still be useful even if
some of the cached entries are invalid. In this case, future
research can explore how to remove the corresponding ads
and update the auction results accordingly with possibly
similar figures of merit.

6.

BENEFITS

At a minimum, the first variation of output bidding allows content providers to take advantage of their investment for improving the quality of their organic content. In
other words, if their organic content is relevant enough to be
viewed and clicked by users through SERPs, this variation
opens up a way for these providers to utilize this success.
Note that this use is in addition to what these providers
already do with the referrals from search engines for their
organic and ad content.
This variation may also benefit the search engine by improving the search results freshness. For example, say that a user
searches to buy an air conditioner and the search engine returns in the SERP an organic result from an advertiser’s

web site. The advertiser could advertise next to the search
result the new discount on its air conditioners because there
was no discount at the crawl time.
Similarly, at a minimum, the second variation of output bidding can be used to enhance input bidding significantly without any changes on the current marketplace parameters for
input bidding. It allows not only to expand the bidding
keywords but it also allows to control the targeting of ads
to maximize the benefit from their impressions. Targeting
is expected to help as it is probably true that advertisers
and content publishers know, or at least can focus on, their
own advertising contexts better than a search engine, which
needs to deal with balancing the interests of millions of customers.
We believe with all its variations, output bidding allows
more uses for the richness of the output context, more control on ad targeting, and some relief from the effort that goes
into figuring out what keywords to bid on. The last point is
especially true for advertisers advertising globally in different markets and languages. We finally note that in § 8, we
provide some experimental evidence for these benefits.

7.

LIMITATIONS

We can see two main limitations of output bidding. One
main limitation may result from the use of organic content
for bidding. A worst case scenario is that a search engine
knowing the bids on an output item, say, a site, may modify
its algorithms to show this site more frequently to earn more

revenue. A similar scenario also exists today if a search engine uses excessive paid inclusion to show ads in the organic
results section or it shows too many ads in the sponsored results section. Fortunately, for all these scenarios, the checks
and balances side also already exists: the whole page relevance and user trust. Since too much commercial content
reduces relevance or if users realize their explicit or disguised
use, the search engine may experience significant losses in
their market share. Because of these two sides balancing
one another, we think a search engine is unlikely to abuse
this power.
The other main limitation involves the implementation challenges, that we discussed in § 5.
We also note that it may take some time for all parties involved, namely, advertisers, users, search engines, and publishers, to get used to the output bidding idea and optimize
its use. Since this learning curve is expected of every new
idea, we do not consider it as a limitation of output bidding.

8.

EXPERIMENTS AND RESULTS

A full design, implementation, and deployment of output
bidding is a sizable undertaking, and requires the cooperation of all parties involved in search advertising. What did
instead is to show the potential of output bidding by computing some simple lower bounds from offline experiments
on real search engine data.
For our first experiment, we verified a hypothesis suggested
by Preston McAfee of CalTech and Yahoo Labs: an ad appearing as a sponsored result in a SERP gets higher clickthrough rate (CTR) if it is somehow correlated with an organic result appearing in the same SERP. We used three
days of Yahoo! search logs, and for each query produced the
resulting SERP (including the ads displayed). We found
that CTR was an order of magnitude higher when the site
name appearing in an ad also appeared in the organic results, as compared to cases when site names did not match.
For non-navigational queries, CTR was three times higher.
This result suggests that output bidding could be useful for
advertisers. That is, they could bid on keywords as usual,
but ask that their ads only be displayed when the sites mentioned in their ad also appear in the organic results. The
resulting CTR for the displayed ads would be significantly
higher (and the advertiser would not have to pay for ads
with lower expected CTR).
For our second experiment, we simulated the potential for
getting new advertisements through keywords extracted from
output, i.e., the second variation in § 2. As our base set, we
took a sample of 100 queries for which Yahoo! could show no
ads or very few ads. (For these queries there were very few
or no matching ads.) Figure 2 shows, in the “before plot,”
the distribution of ads using only the original keywords. As
one can see, the vast majority of the queries yielded zero,
one or two ads, and no queries yielded more than 5 ads.
The “after” curve in Figure 2 shows the distribution of matching ads when we enhance the input keywords with 10 keywords obtained from the output SERP. The selected extra
keywords have the highest TF-IDF scores [5] in the output. We generated the extra ads by submitting these extra

Figure 2: Increase in the number of advertisements
due to output bidding. The before plot shows the
histogram of the number of ads for 100 user queries.
The after plot shows the the same histogram with
additional queries created out of the titles and abstracts appearing in the SERPs of the original user
queries.
keywords to the Yahoo! search engine. One can see in Figure 2 that the number of generated ads is significantly larger.
Overall, there was an increase of more than five times in the
total number of ads. Our results suggest that the output
SERP contains valuable information that can be exploited
by advertisers. In this case we simply extracted keywords
form the output, but in general, an advertiser could extract
this useful information in other ways and use it to formulate
his bidding.
Although more experiments, e.g., using simulations as in
[13], are obviously needed to evaluate the full potential of
output bidding, we believe these simple experiments with
real data point to very encouraging results in the use of
output bidding for enhancing search engine advertising. We
think that using all the benefits of output bidding to their
fullest potential can only produce far more benefit than what
we have observed.

9.

RELATED WORK

For search advertising, a short review is given in [11], a
longer one in [16], and one with more algorithmic focus in
[12]. However, for some of the original references, e.g., the
introduction of keyword bidding in [9], that are missing from
these reviews, Wikipedia is a good source. Also see [18] for
research issues regarding keyword advertising.
In [12], the authors discuss sponsored search from the view
points of three parties: advertisers, auctioneers (who are
search engines), and search users. With its stronger focus
on content in SERP, output bidding also factors in content
owners or publishers as another first-class party to sponsored
search. Future research can show how to formalize this new
relationship with and benefit to content publishers.
Output bidding in its general form (with many variations
including those in § 2) is originally proposed in [7] (based
on the basic idea conceived in early 2006). In [8], the authors develop an extension of output bidding and propose
an auction model for bidding for bundles of search results

from output. Since the problem of handling arbitrary bundles has high complexity [6], the authors reduce the problem
complexity by decomposing bundles from advertisers into
smaller bundles that can contain at most one organic result and at most one sponsored result. In [15], the authors
propose algorithms for computing optimal bundles for input
bidding. Their proposal can also be useful for output bidding. They also cite references on bundling. We expect that
more general auction models for bundles are likely to use
techniques from combinatorial auctions, e.g., see [6] for an
excellent overview of the area.
A variation of output bidding for associating ads with site
names in SERP is independently proposed in [19]. The authors state that the site owner is not required to participate
in the auction and that the ad matching to a site in SERP
may also be independent of the input query that generated
the SERP. Similar proposals are also discussed in [7].
Apart from these references, we are unaware of any other
work on output bidding. However, there are some related
work on exploring the relationship between organic and sponsored results and on using parts of output for input bidding,
which are presented next.
1

In [23] , an interplay between organic and sponsored results
is considered, given the asymmetric competition between
strong and weak advertisers and sites. More related work
exploring this interplay can be found in [17, 14].
In [23], the authors set up a game-theoretic model to answer whether or not advertisers placed at the top organic
result positions should bid actively for sponsored positions,
whether or not organic listing benefits or harms search engine revenue, social welfare, and overall sales diversity (e.g.,
to many small advertisers in the long tail), and whether or
not organic ranking can be improved as a result of this interplay. This study finds that organic listing can hurt search
engine revenue but help increase social welfare and sales diversity. To optimize for all three metrics together, this study
also proposes a new mixed organic listing scheme where the
ranks of less popular sites, or “the weak”, are boosted to
more prominent positions to give them a higher chance of
visibility to users.
Allowing bids on more parameters for input bidding are discussed in [1, 20] where the authors of [1] allow advertisers
to specify bids and a preference for positions in the list of
ads and the author of [20] allows advertisers to impact the
number of ads shown. In both references, the authors show
how to generalize the current auction models to handle these
new constraints. We consider these references as related to
output bidding because the new parameters for bids refer
to parameters of sponsored search section, hence, those of
output.
In [4], the authors study query expansion using web search
results to find relevant ads to a query. They submit a query
to a search engine and then use the top-scoring web pages
to gather additional knowledge about the query. They then
use this knowledge to create an augmented query, which is
1
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evaluated against the ad corpus to retrieve relevant ads for
the original Web query. This approach takes advantage of
the search results and is related to the second variation of
output bidding. However, the authors view the use of the
search results as a means to eliminate the need for advertiser
bidding rather than an opportunity to augment the bidding
language and give more control to the advertiser over the ad
targeting.

10.

CONCLUSIONS AND FUTURE WORK

Output bidding uses the output of a search engine either to
enhance input bidding, which is the current search engine
advertising model, or to create a new form of search engine
advertising model. Like input bidding, output bidding also
preserves the organicity of search results from advertiser influence. Two experiments performed using real data have
shown that the potential gain from output bidding can be
significant.
Future work includes work on interesting questions raised by
output bidding. Most of these questions have been presented
in the “issues” sections.
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